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CUSTOM VISION
SERVICE

COGNITIVE SERVICE HOSTED IN
AZURE

CLOUD BASED API

TASKS:
IMAGE CLASSIFICATION
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Predictions
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DATASET

e TRAFFIC SIGNS' CLASSIFICATION
o A SET OF 360 IMAGES
e TRAINING SET : TESTSET =3 : 1
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Data distribution

DATASET
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MODEL
EVALUATION

e PRECISION RATE = 92,1%
e RECALLRATE=T71,9%

* PROBABILITY THRESHOLD'S RATE
IMPACT

Probability Precision Recall
threshold rate rate

72 15.3 % 100.0 %
10 % 53,3 7% 91.2%
20 7 72,5 % 87,7 %
30 7% 30,8 % 85,1 %
40 7 38,3 % /9.8 %
50 7% 92,1 7% /1.9 %
60 7% 97,4 7% 64,9 %
70 7% 98.6 % 59.6 %
80 7% 98,3% 50,0 %
90 7% 97.7 % 36,8 %
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TEST SET

e SINGLE SIGN PER IMAGE
e  MULTIPLE SIGNS PER IMAGE
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MODEL
EVALUATION ON
TEST SET

ITERATION 1
PRECISION = 82,2%

RECALL RATE=71,9%

AJUSTMENTS NEEDED — MODEL
NOT PROPERLY BUILT

BALANCING NEEDED

Precision ®

Performance Per Tag

Recall ®




MODEL
EVALUATION ON
TEST SET

ITERATION 2:
PRECISION = 92,1%
NENININIEEVAR YA

(GREAT ACCURACY FOR SINGLE
TRAFFIC SIGNS

ANOTHER ITERATION NEEDED FOR
SEVERAL SIGNS PER IMAGE AND
SEVERAL OBJECTS IN FRONT
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Recall ®
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